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Hands-on Making Leather Goods: Learning from YouTube
Videos

Chih-Mei Wang, Jian-Hong Ye, and Jhen-Ni Ye

Abstract—YouTube is the world’s most popular video
platform, which not only provides entertainment videos, but
also allows many professional or amateur teachers to upload
teaching videos for users to learn specific skills. However, most
of the current research focuses on the effectiveness of YouTube
for formal learning. In the perspective of cognitive-affective
theory of learning with media (CATLM), the informal learning
model through YouTube can also be regarded as a meaningful
learning method. Therefore, based on CATLM, this research
constructed a research model and proposed 4 research
hypotheses. For the purpose of the research, this research used
Facebook’s hand-made leather goods club to distribute
questionnaires, collected 258 questionnaires, and deleted a total
of 51 copies of questionnaires with invalid data. Then the
number of questionnaires with valid data were 207, and the
effective recovery rate was 80.2%. The data were analyzed for
reliability and validity, and SEM was used to verify the
research model. The research results showed that: 1) YouTube
self-efficacy was positively related to learning interest; 2)
YouTube self-efficacy was positively related to learning attitude;
3) Learning attitude was positively related to h learning
satisfaction; 4) Learning interest was positively related to
learning satisfaction.

Index Terms—Hand-made leather goods, learning attitude,
learning satisfaction, self-efficacy, YouTube.

I. INTRODUCTION

With the development of information technology,
YouTube has become a promising step-by-step learning
channel [1], and it provides many convenient functions, such
as pause, full-screen window, or fast playback to specific
episodes in the film [2]. Therefore, whether for professional
work, hobby, or general interest, YouTube users can obtain
good learning value from informal learning in YouTube [3].
Social media has been regarded as a convenient tool of online
learning resources [2].

Although the application of social media in education is
becoming more and more popular and all kinds of knowledge
can be obtained in the media [4], the research on the use of
YouTube in education mainly focuses on academic
achievements and research is rarely carried out in the
teaching of hand-made leather goods [5]. However, with the
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trend of cultural and creative design, hands-on craft courses
(such as leather goods, silver jewelry, etc.) have been loved
by many young people [6], so more and more YouTube
teaching videos for making handcraft appear. Exploring the
impact of learning cognition and affective performance on
the satisfaction of hand-made leather learning in the context
of YouTube will help expand the understanding of the value
of YouTube education. Thus, this study was based on this
research topic.

The concept of computer self-efficacy helps us understand
how individuals quickly adopt new tools and whether they
can easily develop considerable operational skills when using
these tools [7]. Computer self-efficacy has been proven to be
a key factor in computer ability and computer use [8], and
self-efficacy has become an important determinant of success
in learning [9]. This study used participants’ self-efficacy on
YouTube as an independent variable for discussion.

Students’ interest in learning is considered to be a very
important factor in determining whether they can learn
successfully or not [10]. Leutner studied various aspects of
multimedia design affecting success and found that learners’
personal interests played an important role in the overall
learning experience of the individual [11]. Learners’ interest
in social media learning can be used to predict learners’
satisfaction with using social media [2]. Therefore, this study
used participants’ learning interest in YouTube as a variable
for discussion.

The learner’s attitude is very important, because when
learners have a good learning attitude, it will help them
achieve the desired learning results [12]. Because in the
online learning environment, students can freely arrange their
own learning, so the learning attitudes of learners are
considered to play an important role [13]. Understanding
users’ attitudes towards e-learning will help construct a more
suitable digital learning environment for teaching and
learning [14]. Therefore, this study used participants’
learning attitude towards YouTube as one of the variables for
discussion.

Studies have shown that the combination of film
technology and teaching can promote the positive
improvement of students’ learning results [15], so providing
high-quality learning content to learners will meet the
learning needs of learners and allow them to obtain the
required knowledge. Therefore, student satisfaction is used
as one of the key elements for evaluating online courses [16],
so that measuring student satisfaction with online learning
has always been a hot topic in the academic world [17].
Therefore, this study took participants’ learning satisfaction
with YouTube’s as a dependent variable for discussion.

The Cognitive-Affective Theory of Learning with Media
(CATLM) focuses on the cognitive and affective processes in
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multimedia learning. The theory is based on the latest
theoretical framework of multimedia learning and enhances
recognition by considering motivation and emotional aspects
[18]. Moreno’s CATLM proposed that the emotional
characteristics of the course can increase learners’
participation, leading to deeper learning [19]. CATLM has
been proven to be applicable for skills learning through
YouTube [2]. Therefore, this research was based on CATLM
to explore the relationship between YouTube self-efficacy,
learning interest, learning attitude and learning satisfaction.

A. YouTube Self-efficacy

Self-efficacy is one of the factors that guide human
activities. It affects human behavior such as personal
motivation, way of thinking, and the degree and time that
individuals put in effort to achieve specific goals directly or
through its influence [20]. Unless people believe that their
actions can produce the expected results, otherwise they have
no motivation to engage in activities or persevere when
encountering  difficulties [21]. In the educational
environment, researchers are paying more and more attention
to students’ the role of student’s thoughts and beliefs in the
learning process, and the self-efficacy in social cognitive
theory is an important key variable, because it is considered
to affect students’ motivation and learning [22]. It is that
considered self-efficacy can be used to understand students’
ability, confidence and belief in completing specific tasks or
activities [23], and self-efficacy is also an important concept
for understanding learning and achievement [24]. At the
same time, self-efficacy is also considered to be a key
element of successful online learning [25]. Therefore, this
research used YouTube self-efficacy to explore the learners’
ability confidence or belief level in operating YouTube
functions. In this research, YouTube self-efficacy is defined
as the learners’ confidence or belief in the ability to operate
YouTube functions well when using YouTube for learning.

B. Learning Interest

Interest is a concept that has received considerable
attention in education, development and social psychology in
the past 20 years [26], because once people become
interested in a topic, they usually seek learning opportunities
both inside and outside the school [27]. Interest is
conceptualized as an emotional state, which means that in the
subjective learning experience of students, interest is
triggered by situational factors or a state formed by the
development of personal interest [28], and interest is also
regarded as a personal trait, trait motivation or individual
interest that is developed through repeated experience of
contextual interest over a longer period of time[29].
Therefore, people are more and more interested in the
research on using multimedia teaching materials to improve
learners’ positive emotions or motivational states to improve
learning interest [30]. Thus, this study used learning interest
to explore the learning interest level of learners in YouTube
when they were watching the teaching of hand-made leather
goods. In this research, learning interest refers to the learner’s
positive or negative emotional feelings when they are
watching teaching of hand-made leather goods in YouTube.

C. Learning Attitude
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Behavior attitude is defined as a person’s positive or
negative evaluation of the performance of a specific behavior,
involving the individual’s judgment on the nature of the
behavior, and the evaluation of someone’s willingness or
unwillingness to perform the behavior [31]. There are many
definitions of attitude, and the simplest definition is an
individual’s assessment or response to the cognition and
emotion of objects, people, groups and thoughts [32].
Therefore, it is important for learners to have a good attitude,
as having a good attitude will help them achieve ideal
learning results [12].

Regardless how advanced or powerful the technology is,
its effective implementation depends on whether users have a
positive attitude towards using the technology [17]. In the
context of digital learning, the learner’s attitude is defined as
the impression of learners participating in digital learning
activities through the use of computers [33]. Cheung and
Vogel proved that users’ positive attitudes will cause people
to be more inclined to use online learning technologies [34].
Therefore, this research used learning attitude to explore
learners’ attitudes towards learning hand-made leather goods
through videos in YouTube. In this research, learning attitude
refers to learners’ positive or negative evaluation perception
when learning to make hand-made leather goods via the film
on YouTube.

D. Learning Satisfaction

Satisfaction is considered to be a measure of the quality
and effectiveness of any form of teaching [35]. Taking
satisfaction as a measure can give us a deep understanding of
the effectiveness of teaching design [36], and student
satisfaction can also be regarded as an important indicator to
measure whether the learning expectation of learning is met
[37]. When students experience a valuable learning process,
they will be satisfied with their own learning process [38]. At
the same time, user satisfaction is regarded as one of the most
important indicators of success for an information system
[39], and it means that students have good satisfaction when
they can obtain satisfaction in online video teaching [40][41].
Therefore, this study used learning satisfaction to explore
learners’ degree of satisfaction of learning needs for learning
hand-made leather goods through videos in YouTube. In this
research, learning satisfaction refers to whether learners can
meet their learning needs by learning hand-made leather
goods through videos in YouTube.

Il. RESEARCH HYPOTHESES

A. Relationship between YouTube Self-efficacy and
Learning Interest

Research has shown that self-efficacy and interest were
separate but interrelated dimensions [42]. Research has
revealed that self-efficacy had a direct effect on interest [43].
Past studies have confirmed that improving students’ sense of
self-efficacy for specific tasks helped to increase players’
interest in playing games in a competitive environment [44].
There is also a study based on game-based learning showing
that self-efficacy and interest were positively correlated [45],
and a study of Thai language learning had the same results, as
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they found that self-efficacy and interest were positively
correlated [46]. A report on mathematics education pointed
out that students’ self-efficacy had a positive effect on
interest [47]. In addition, studies have also confirmed that
social media self-efficacy and learning interest were
positively correlated [2]. From the above, it can be inferred
that when learners have higher levels of self-efficacy, their
learning interest may be higher too. The hypothesis of this
research on YouTube self-efficacy and learning interest is as
follows:

H1: There is a positive relation between YouTube
self-efficacy and learning interest.

B. Relationship between YouTube Self-efficacy and
Learning Attitude

People tend to choose activities that they think they could
do, and avoid choosing activities that they do not thing they
could do [22]. Therefore, self-efficacy is believed to directly
affect the choice to engage in a task, and affect the time spent
in making efforts and the persistence of efforts [48]. It is
pointed out that positive self-efficacy can predict positive
attitudes, while negative self-efficacy can predict negative
attitudes [49]. Past studies have confirmed that students’
sense of self-efficacy and science attitudes were positively
correlated [50], and some studies have shown that students’
Internet self-efficacy was highly correlated with Internet
attitudes [51]. It can be inferred from the above that when
learners have higher levels of self-efficacy, their learning
attitudes will also be better. The hypothesis of this research
on YouTube self-efficacy and learning attitude is as follows:

H2: There is a positive relation between YouTube
self-efficacy and learning attitude.

C. Relationship between Learning Interest and Learning
Satisfaction

Satisfaction will be affected by positive or negative
experiences in the learning process [52]. When individuals
are motivated by interest, they are more likely to persist in
completing tasks and be satisfied with the tasks performed
[53]. In addition, if the teaching methods or content can meet
the students’ interests and needs, then students’ learning
satisfaction will also increase [54][55], and a study of
game-based learning indicates that when teachers designed
games-based teaching or learning process, it can arouse
students’ interest and increase their participation and
satisfaction. That is to say, when students are motivated by
interesting learning, they are more satisfied with the learning
environment [56]. A research on anatomy and physiology
courses has shown that students’ interest in subjects was an
important factor affecting satisfaction [57]. A study based on
social media learning also confirmed that learning interest
was positively correlated with learning satisfaction [2]. It can
be inferred from the above that when learners have better
learning interest, their learning satisfaction with YouTube
will be better. The hypothesis of this research on learning
interest and learning satisfaction is as follows:

H3: There is a positive relation between learning interest
and learning satisfaction.

D. Relationship between Learning Attitude and Learning
Satisfaction
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If the learning attitude is negative or dismissive, then
students have almost no opportunity to actively participate in
any learning process [9]. Therefore, the discussion of
learning attitudes can be used to understand students’
responses to motivation [58]. Related research showed that
learning satisfaction can be used to indicate learners’ positive
feelings or attitudes towards teaching plans [59]. A study on
physical education indicated a significant positive relation
between learning attitude and learning satisfaction [60]. In a
technology-driven  environment, learning satisfaction
reflected students’ positive attitudes towards learning
experiences [61]. A study on mobile learning revealed that
students with better attitudes showed better learning
satisfaction [62], and there is also a research on the
application of interactive technology in consumer behavior
courses showed that students with a positive attitude towards
interactive technology were more satisfied with the effect of
interactive technology [63]. It can be inferred from the above
that when learners have a more positive attitude towards
learning, their learning satisfaction of using YouTube will be
better. The hypothesis of this research on learning attitude
and learning satisfaction is as follows:

H4: There is a positive relation between learning attitude
and learning satisfaction.

I1l. RESEARCH DESIGN

The CATLM theory believes that in a learning
environment based on a combination of verbal and
non-verbal information, students can practice meaningful
learning by choosing, organizing and absorbing new
information, and then combining existing knowledge [64],
Therefore, CATLM, as a useful framework, can help deepen
the understanding of the role of methods and media in
teaching [65]. Accordingly, this research used the CATLM
proposed by Moreno and Mayer (2007) as the theoretical
framework [66] to discuss the relationship among YouTube
self-efficacy, learning interest, learning attitude and learning
satisfaction, as shown in Fig. 1.
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Fig. 1. Research model.

A. Research Implementation

This research used a convenient way of collecting and
distributing online questionnaires using Google Forms for
online questionnaire distribution. The questionnaires were
collected from November 1 to December 31, 2018. The
questionnaires were distributed to enthusiasts who used
YouTube for hand-made leather goods self-study or training.
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The number of questionnaires collected was 258 pieces of
data.

B. Research Participants

The number of participants in this study (for the number of
questionnaires returned) was 258, and a total of 51 invalid
data were deleted. There were 207 valid study participants,
and the effective recovery rate was 80.2%, including 61
males (29.5%), and 146 females (70.5%).; 86 participants
aged under 30 (41.5%), 45 aged 31 to 40 (21.7%), 47 aged
41 to 50 (22.8%), and 29 over the age of 50 (14%); 71
participants (34.3%) mainly adopted on-line self-study for
hand-made leather goods, 21 participants (10.1%) mainly
took physical courses, and 115 participants (55.6%) equally
used both learning methods.

C. Measurement Tools

1) YouTube self-efficacy

Self-efficacy is used to understand students’ ability,
confidence, and belief in completing a specific task or
activity [23]. According to this definition, the YouTube
self-efficacy dimensions of this research were adapted from
the social media self-efficacy scale of Hong et al. [2], such as
"I will use decomposition actions to simulate learning", to
measure learners’ perceptions of YouTube efficacy belief.

2) Learning interest
Interest is conceptualized as an emotional state, which

represents the subjective learning experience of students [28].

According to this definition, this research revised the online
learning interest questionnaire of Hong et al. [67], including
" During the teaching process of every video, | want to

continue learning and forget that the time is over” , to

measure the level of interest of learners when using YouTube
to learn hand-made leather goods.

3) Learning attitude

Attitude is defined as an individual’s assessment or
response to objects, people, groups, and thoughts on
cognition and emotion [32]. According to this definition, this
study compiled a learning attitude scale, including “After |
watched the teaching video, | would analyze which part of
my own production skills are insufficient and improve”, to
measure the attitude of learners when using YouTube to learn
hand-made leather goods.

4) Learning satisfaction

Student satisfaction is regarded as an important indicator
to measure whether students meet learning expectations [37].
According to this definition, this study modified the social
media satisfaction scale of Hong et al. [2], including “I think
YouTube videos can improve my understanding of leather
craftsmanship”, which was used to measure the satisfaction
level of learners when using YouTube to learn to make
leather goods by hand.

IV. RESEARCH RESULTS

A. Item Analysis
The item analysis of this research adopted first-order

confirmatory factor analysis. Related scholars suggest that
the value of %2/ df should be less than 5; RMSEA should be
less than 0.1; GFI and AGFI should be higher than .800; and
the items with the factor loading (FL) value not higher
than .500 should be deleted from the original questionnaire
[68,69], as shown in Table I. The results of the deletion are: 6
original questions for YouTube self-efficacy were reduced to
4 questions; 9 original questions of learning interest were
reduced to 5 questions; 6 questions for learning attitude were
reduced to 4 Questions; 5 questions about learning
satisfaction were reduced to 4 questions.

TABLE I: CONFIRMATORY FACTOR ANALYSIS OF EACH CONSTRUCT

Index %2 df. x2/df. RMSEA GFI AGFI
Threshold value <5 <1 >8 >8
YouTube Self-efficacy 2.6 2 13 0.039 0.994 0.968
Learning interest 139 5 2.78 0.093 0.976 0.929
Learning attitude 3 2 15 0.049 0.993 0.963
Learning Satisfaction 35 2 1.75 0.060 0.992 0.959

This study used the external validity of the items to
determine the scope of interpretation [70]. The values of all
respondents for each item were divided into the first 27% and
the last 27%, and the t test was performed; if the t value was
greater than 3 (***p<0.001), it was considered that the
external validity has reached a significant level. The t value
of each item in this study reached 7.235 (***p<0.001), which
means that all items in this study have external validity [71].

B. Dimension Reliability and Validity Analysis

Reliability: This study used Cronbach’s o and composite
reliability (CR) to test the reliability of the scale. Hair et al.
suggested that Cronbach’s o higher than 0.700 is considered
acceptable standard [68], and Hair et al. suggested the
standard that the CR value should exceed 0.700 [68]. The
Cronbach’s o values in this study were between 0.833 and
0.924, and the CR values were between 0.891 and 0.934,
meeting the recommended standards, as shown in Table II.

Convergence validity: Convergence validity was tested by
FL value and averaging variance extracted (AVE). Hair et al.
pointed out that FL value should be higher than 0.5.., and the
item should be deleted if it is lower than this value [68]. All
the items retained in this study met the standards
recommended by scholars. The FL values of YouTube
learning self-efficacy ranged from 0.749 to 0.885, and the FL
values of learning interest were between 0.827 to 0.938, the
FL values of learning attitude ranged from 0.775 to 0.792,
and the FL values of learning satisfaction ranged from 0.772
to 0.842, as shown in Table IlI. It is recommended by Hair et
al. (2011) that the AVE value must be greater than 0.500 to
indicate that the dimension has convergent validity [72], and
the AVE values in this research were between 0.673 and
0.741, as shown in Table II.

Dimension discriminative validity: Awang (2015)
indicated if the square root value of AVE of each dimension
is greater than the Pearson relation coefficient value of other
dimensions, it means that the dimension has discriminative
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validity [73]. The analysis results show that, all the
dimensions of this study had discriminative validity, as
shown in Table I1I.

TABLE Il: RELIABILITY AND VALIDITY ANALYSIS

Index M SD o CR AVE
Threshold >.7 >.7 >5
YouTube Self-efficacy  3.720 0.769 0.833 0.891 0.673
Learning interest 3.695 0.881 0.924 0.934 0.741
Learning attitude 3.619 0.794 0.854 0.898 0.688
Learning Satisfaction 3.655 0.816 0.854 0.895 0.680

TABLE I11: DIMENSION DISCRIMINATION VALIDITY ANALYSIS

Constructs 1 2 3 4
1. YouTube Self-efficacy (0.820)
2. Learning interest 0.583 (0.861)
3. Learning attitude 0.639 0.623 (0.829)
4. Learning Satisfaction 0.573 0.738 0.601 (0.825)

C. Path Analysis

The research model verification results showed that
YouTube self-efficacy was positively related to learning
interest (5 = 0.592***, t = 9.658), and YouTube self-efficacy
was positively related to learning attitude (8 = 0.623***, t =
10.992), learning interest had a positive relation with
learning satisfaction (5 = 0.394***, t = 4.765), and learning
attitude had a positive relation with learning satisfaction (8 =
0.422*** t = 5.352), as shown in Fig. 2.

In addition, the explanatory power of YouTube
self-efficacy on learning interest was 35%, f 2 was 0.583; the
explanatory power of YouTube self-efficacy on learning
attitude was 38.8%, f 2 was 0.634; the explanatory power of
learning interest and learning attitude on learning satisfaction
was 64%, f 2 was 1.793, as shown in Fig. 2.
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V. DISCUSSION

Understanding people’s computer self-efficacy beliefs can
help to explain whether they can easily develop considerable
operational skills when using these tools [7], and the analysis
of this research showed that participants had positive
YouTube self-efficacy beliefs (M = 3.720, SD = 0.769);
interest was conceptualized as an emotional state,
representing the subjective learning experience of
students[28]. The analysis of this research showed that
participants had a positive perception of learning interest (M
= 3.695, SD = 0.881). A good learning attitude is believed to
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help students achieve ideal learning outcomes [12]. The
analysis of this research showed that participants had positive
learning attitude perception (M 3.619, SD = 0.794);
students’ satisfaction is regarded as an indicator to measure
whether the learning expectation of learning is met [37]. The
analysis of this research showed that participants had a
positive perception of learning satisfaction (M = 3.655, SD =
0.816).

A. YouTube Self-efficacy was Positively Related to
Learning Interest

Rottinghaus et al. stated that self-efficacy and interest were
mutually independent but interrelated dimensions, while the
study of Chiang et al. showed that self-efficacy had a direct
effect on interest [42]. In addition, Hong et al. further found
that improving students’ sense of self-efficacy for specific
tasks will help increase players’ interest in playing games in a
competitive environment [44]. Hong and Chan’s study on
game-based learning indicated that self-efficacy and interest
were positively correlated [45]. The Thai language learning
study conducted by Watthanapas et al. reported the same
result [46]. Watthanapas et al. found that self-efficacy and
interest were positively correlated, Lai pointed out that
students’ self-efficacy had a positive effect on interest in
mathematics education [47]. In addition, Hong et al.
confirmed that the self-efficacy of social media was
positively correlated with learning interest [2]. It can be seen
from the above that when learners have a higher level of
self-efficacy, their learning interest may also be higher. The
results of this research showed that YouTube self-efficacy
and learning interest were positively correlated.

B. YouTube Self-efficacy was Positively Related to
Learning Attitude

Van Dinther et al. pointed out that people tend to choose
activities that they think are capable, and avoid choosing
activities that they are not capable of [22]. Therefore, Huang
and Liaw pointed out that self-efficacy based on ability belief
perception is believed to directly affect the choice to engage
in a task, the time spent in making efforts and the persistence
of efforts [48]. Akin and Kurbanoglu confirmed that positive
self-efficacy can predict positive attitudes and negative
self-efficacy can predict negative attitudes [49]. In addition,
Liu et al. suggested that students’ sense of self-efficacy was
positively correlated with scientific attitudes [50]. Wu and
Tsai noted that students’ Internet self-efficacy was highly
correlated with Internet attitudes [51]. It can be seen from the
above that when learners have higher levels of self-efficacy,
their learning attitudes will be better. The results of this
research showed that YouTube self-efficacy and learning
attitude were positively correlated.

C. Learning Interest was Positively Related to h Learning
Satisfaction

Chen et al. suggested that satisfaction will be affected by
positive or negative experiences in the learning process [52].
Sansone et al. pointed out that when individuals were
motivated by interest, they were more likely to persist in
completing tasks and be satisfied with the tasks and activities
performed [53]. In addition, Abdous and Yen (2010), Safari
et al. found that when the teaching method or content can
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meet the students’ interests and needs, then students’ learning
satisfaction will also increase [54]. Kangas et al. mentioned
that when students were motivated by interesting learning,
they were more satisfied with the learning environment [56].
In addition, Eagleton indicated that students’ interest in
subjects was an important factor affecting satisfaction [57].
Hong et al. based on social media learning, also confirmed
that learning interest was positively correlated with learning
satisfaction [2]. It can be seen from the above that when
learners have a better interest in learning, their learning
satisfaction with YouTube will be better too. The results of
this research showed that learning interest and learning
satisfaction had a positive relation.

D. Learning Attitude Positively Correlated with Learning
Satisfaction

Prior et al. indicated that when a student’s learning attitude
is negative or dismissive, then the student has almost no
desire to actively participate in any learning process [9]. Love
et al. suggested that exploring learning attitude can be used to
understand students’ responses to motivation [58]. Kong and
Yan (2014) pointed out that learning satisfaction can be used
to indicate learners’ positive feelings or attitudes towards the
teaching plan [59]. Lin et al. found a significant positive
relation between learning attitude and learning satisfaction
[60]. In addition, Li ’s research indicated that students with
better attitudes will show better learning satisfaction [62].
Elia et al. noted that in a technology-driven environment,
learning satisfaction reflected students’ positive attitudes
towards learning experience [61]. Eastman et al. proved that
students who held a more positive attitude toward interactive
technology were more satisfied with the effects of interactive
technology [63]. From the above, it can be seen that when
learners have a more positive learning attitude, they will be
more satisfied with the use of YouTube in learning. The
results of this research showed that there was a positive
relation between learning attitude and learning satisfaction.

VI. CONCLUSION AND SUGGESTIONS

A. Research Conclusion and Suggestions

The video courses on YouTube provide information and
instructions for learning information, demonstrating the
process or acquiring new skills. Learners can learn by
watching and trying to copy the instruction steps in the video
[74], so YouTube may enhance its educational function for
step-by-step learning and guidance [1]. Therefore, in the era
of the Internet, YouTube has become a highly popular
learning tool. In the perspective of CATLM [65], formal or
informal learning model through YouTube can be regarded
as a meaningful learning method. According to this, on the
basis of CATLM, the belief-affection-cognitive model was
used to construct the hypothetical model of this research and
4 research hypotheses were put forward. The research results
showed that: 1) YouTube self-efficacy was positively related
to learning interest; 2) YouTube self-efficacy was positively
related to learning attitude; 3) Learning attitude was
positively related to h learning satisfaction; 4) Learning
interest was positively related to learning satisfaction. It can
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be seen from the research results that YouTube can bring a
meaningful learning journey for learners. Therefore, this
research suggested that professional or amateur teachers can
design multimedia teaching content based on learning theory
to provide learners with good and appropriate learning
materials to help them learn skills online.

B. Limitations and Future Studies

This is a confirmatory study based on the structural
equation model, aiming to explore the path relationship
between the dimensions. Therefore, the analysis of individual
differences was not the focus of this study. However, there
have been many empirical studies in the past that have found
significant gender differences in efficacy [25]. In this study,
whether YouTube self-efficacy has gender differences was
not explored, so it is recommended that follow-up research
can investigate whether there are differences in beliefs and
perceptions of YouTube self-efficacy for different genders.
In addition, although there are not many papers on gender
differences in e-learning, most of them pointed out that male
students are usually more willing to use computers for
learning than female students [75]. However, the comparison
of individual differences was not discussed in this study.
Follow-up research is also recommended to explore whether
there are differences in the perception of learning interest,
learning attitude and learning satisfaction among different
genders in the environment of learning on YouTube.
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