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Abstract—This research aimed to evaluate students’ use of 

learning management systems and technologies. The research 

was carried out using the survey model, which is one of the 

quantitative research designs. The research study included a 

sample of 312 students from various universities across 

Kazakhstan. To gather research data, the researchers developed 

a learning management and technologies scale. The dataset was 

then analyzed using parametric tests. The independent sample 

t-test was used in the analysis of bivariate data, and one-way 

Analysis of Variance (ANOVA) was used in the analysis of data 

with more than two variables. As a result of the research, it was 

determined that university students had a very high attitude 

toward learning management and technology motivation, as 

well as a high level of self-efficacy. Their overall attitudes toward 

learning management and technologies were also found to be 

high. It was concluded that the attitudes of university students 

participating in the research towards learning management and 

technologies differ in favor of male students according to the 

gender variable. It was also concluded that the attitudes of 

university students towards the learning management and 

technologies scale do not make a significant difference according 

to the class and department students are studying. 
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I. INTRODUCTION 

Learning Management Systems (LMS) are software 

platforms designed to facilitate access to, interaction with, 

and management of educational content by students, 

instructors, and institutions. LMS platforms offer a broad 

spectrum of functionalities, including the organization of 

learning materials in online or blended education models, 

monitoring student progress, and administering assessments 

and examinations. These systems not only enable content 

dissemination but also foster interactive learning  

experiences [1]. Prominent examples, such as Moodle and 

Blackboard, empower educators and learners to manage 

educational processes effectively through user-friendly 

interfaces and customizable features [2]. 

In recent years, LMS platforms have emerged as pivotal 

components of contemporary education, significantly 

contributing to student-centered learning approaches within 

the broader context of digital transformation [3].  

Educational technologies, in parallel, encompass a wide 

array of digital tools, software applications, and 

methodologies that aim to enhance the accessibility and 

efficacy of educational processes. These technologies enable 

instructors to enrich course content, engage with students 

dynamically, and tailor the learning process to individual 

needs [4]. For instance, video conferencing tools, Augmented 

Reality (AR) applications, and learning analytics can provide 

personalized and immersive learning experiences. 

Furthermore, instructional technologies are shown to 

improve academic outcomes by fostering collaborative and 

interactive learning environments [5]. 

Learning Management Systems and instructional 

technologies function synergistically as foundational 

elements of digital education. While an LMS offers a 

structured platform for managing, organizing, and monitoring 

educational activities, instructional technologies extend their 

capabilities by introducing innovative tools and pedagogical 

approaches. For example, the integration of instructional 

technologies such as video conferencing systems, virtual 

laboratories, or augmented reality applications within an 

LMS can create more engaging and tailored learning 

experiences [5]. 

Students’ opinions of Learning Management Systems 

(LMS) and other instructional technologies are greatly 

influenced by their level of self-efficacy. According to 

Bandura [6] framework on self-efficacy, people’s motivation 

and conduct are greatly influenced by their views about their 

capacity to do particular activities. Students with a high level 

of self-efficacy in educational technology are more likely to 

actively engage with digital tools and demonstrate confidence 

in their ability to succeed in an online learning environment. 

According to Prifti [7], who discovered a positive relationship 

between self-efficacy and student satisfaction in combined 

learning courses, students who believe they are capable are 

more likely to use Learning Management Systems (LMS) 

successfully and be satisfied with their educational endeavors. 

Furthermore, self-efficacy and the self-regulation dimension 

interact to further affect how students view LMS.  

Self-regulated students who are capable of setting 

objectives, tracking their progress, and modifying their 

approach are more likely to use educational technology 

effectively. According to Balkaya, & Akkucuk [8], these self-

management abilities enhance the entire learning experience 

by encouraging a positive attitude toward LMS. Students who 

possess high levels of self-efficacy and self-management 

skills are better able to use educational technologies, which 

leads to better learning outcomes. 

Enhancing student learning is made possible by the 

interplay among self-efficacy, motivation, and acceptance. 

According to Delita et al. [9], fostering self-efficacy is linked 
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to the highest academic achievement and enhances 

engagement with educational technologies. Students 

typically put forth more effort and perseverance in situations 

where they are required to overcome obstacles, such as those 

provided by learning Management Systems (LMS). This 

helps to strengthen their self-efficacy beliefs as they 

accomplish predetermined objectives. As a result, this cycle 

of belief and performance can help create a more nuanced 

view of educational technologies, affecting how much 

students believe these platforms play a role in their academic 

achievement.  

Furthermore, the collective dynamics of group learning in 

LMS are also affected by self-efficacy. Since students are 

more likely to take initiative and make valuable contributions 

when they feel confident in their skills, higher self-efficacy 

can enhance collaborative behaviors among coworkers. The 

positive feedback loop between group self-efficacy and 

interaction can increase the perceived value of Learning 

Management Systems (LMS), as cooperation is made easier 

by educational technologies. Self-efficacy in this context 

relates to more than just individual learning; it has a 

significant impact on the larger social dynamics of learning 

in digital contexts.  

Lastly, students’ opinions of learning management systems 

and instructional technologies appear to be greatly influenced 

by the relationship between self-efficacy and motivation. 

Self-efficacy, engagement, and competence all show positive 

connections, suggesting that interventions aimed at boosting 

students’ self-efficacy may be essential to maximizing the 

benefits of instructional technology. While navigating the 

challenges of digital learning environments, educational 

stakeholders can promote the experiences and learning 

outcomes of improved students by encouraging self-

regulation and trust. Students’ perceptions and usage of 

educational technologies, especially in online learning 

environments, are also greatly influenced by their motivation. 

Several research shows that self-efficacy and motivation are 

important mediators of learning in online settings [10]. 

Since highly motivated students are more likely to use 

Learning Management Systems (LMS), there is a noticeable 

correlation between student motivation and LMS usage. 

According to Chang & Tsai [11], this enhanced engagement 

typically results in more active participation in learning 

activities, which favorably reflects the experience and overall 

learning outcomes.  

Furthermore, it is impossible to overlook the importance of 

extrinsic motivators, such as the conduct of instructors and 

the caliber of the instructional materials offered in LMS. 

According to studies Amoozegar et al. [12], good teacher 

participation greatly raises student motivation levels [13], 

which in turn fosters a positive learning environment. The 

LMS structure’s surrounding instructional tactics, prompt 

responses to student consultations and efficient use of 

feedback are all mentioned as important factors that affect 

students’ motivation to use the accessible learning technology. 

Beyond only providing information, these behavioral 

elements also include support networks that foster an 

environment that encourages students to learn.  

There are significant ramifications when motivational 

theories are incorporated into LMS design. By 

comprehending the elements that motivate students to use 

educational technologies, educators and developers can 

design more engaging and beneficial learning environments. 

According to Zhao et al. [14], the user experience can be 

greatly improved by including well-established motivational 

frameworks in LMS development, such as expectation-value 

theory and self-determination theory. In addition to meeting 

the psychological demands of students’ autonomy, 

competence, and relationships, this strategy positions 

educational technologies as facilitators of deeper learning 

engagement rather than merely means for delivering 

knowledge.  

The success of technological tools in enhancing student 

learning will depend on how well they connect with 

motivational structures as they develop further [15]. Students 

are more motivated to learn when they believe their learning 

management system is understanding and user-friendly. This 

impression is impacted by the LMS’s user-friendly layout, 

interactive features, and resources that accommodate 

different learning preferences.  

Taking into account the individual characteristics of 

students is a crucial component in illustrating the relationship 

between motivation and LMS use. For instance, compared to 

their less motivated peers, students who are more intrinsically 

motivated are probably going to be more persistent and 

resilient while using LMS resources to support their learning 

objectives. These differences highlight the necessity for 

LMS-facilitated differentiated teaching tactics that cater to 

various motivational profiles and self-efficacy levels.  

Peer interactions, which are triggered by Learning 

Management Systems (LMS), also boost motivation when 

students work together on assignments, projects, and 

conversations. It has been demonstrated that this social 

component of education improves students’ feelings of 

community and belonging, which in turn increases their 

motivation and engagement with the educational process. As 

a result, encouraging a collaborative learning environment in 

LMS boosts students’ enthusiasm in addition to improving 

academic performance [16].  

To put it briefly, educators and instructional designers 

must have a solid understanding of the dynamics of 

motivation and self-efficacy while using learning 

management systems. It is crucial to develop an integrated 

strategy that takes into account both environmental and 

psychological aspects to enhance the educational experience 

through technology. There is a complex and important 

relationship between self-efficacy, motivation, and how 

Learning Management Systems (LMS) are perceived. Self-

efficacy, which is the belief in one’s ability to carry out 

actions required to achieve particular performance  

outcomes [1], is a key factor in deciding how students 

approach their educational experiences. Since students are 

more likely to believe they can overcome the difficulties 

involved in using educational technology, high levels of self-

efficacy can result in increased commitment to these  

systems [17]. Because they are more motivated to use the 

available technological tools, students who exhibit high self-

efficacy can explore online materials more thoroughly, 

leading to better learning outcomes [18]. 

On the other side, motivation serves as a catalyst that 

nourishes students’ dedication to their learning environments, 

which include learning management systems and educational 
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technology. The theory of self-determination states that a 

greater level of dedication and persistence in educational 

endeavors is correlated with intrinsic motivation, which 

stems from a natural desire to learn and develop [19]. 

According to Wang et al. [20], motivated students are more 

likely to experiment with different LMS features, which 

could result in a deeper understanding of the material and 

better academic achievement. Furthermore, students’ degrees 

of involvement can also be influenced by extrinsic motivating 

factors, such as the perceived value of LMS tools in achieving 

academic success. Students can approach their education with 

a more positive outlook when they see the immediate 

advantages of using educational technology, which reinforces 

their views of these platforms as vital parts of their education 

[21]. 

The relationship between motivation and self-efficacy 

concerning LMS views has been the subject of numerous 

studies. For instance, Kim et al. [22] demonstrates that 

students who have higher levels of self-efficacy also typically 

have more favorable opinions of LMS, which in turn raises 

their motivation levels. Because of this reciprocal link, 

educational institutions should take into account both 

conceptions to maximize the creation and use of digital 

learning resources. Al-Adwan [23] provide additional 

confirmation, emphasizing that the motivating techniques 

integrated into Learning Management Systems (LMS) can 

enhance students’ engagement and connection with 

educational technology, hence fostering a more profound 

learning experience.  

Additionally, Dindar et al. [24] emphasizes how crucial it 

is to continuously assess LMS functionality and interfaces in 

light of motivation and self-efficacy. Institutions can make 

well-informed adjustments that cater to various student 

profiles by acknowledging the evolving needs of their 

students and encouraging an atmosphere that fosters self-

efficacy. This raises the perceived value of instructional tools 

while also enhancing overall educational outcomes. 

Additionally, as Yu et al. [25] points out, gamification 

components and customized learning pathways inside LMS 

have demonstrated the ability to boost motivation and self-

efficacy, further solidifying students’ favorable opinions of 

these platforms.  

Understanding the factors that affect motivation and self-

efficacy is essential to optimize the performance of learning 

management systems as educational institutions increasingly 

use digital resources to support learning. To provide students 

with more stimulating, encouraging, and productive learning 

experiences, educators must continue to pay attention to these 

psychological aspects as educational technology continues to 

evolve. This requires multidisciplinary approaches that 

integrate pedagogy, educational technology, and 

psychological insights to improve and continuously develop 

the educational environment in the digital age. 

In addition, new research findings are needed to obtain 

constantly up-to-date information in this direction and to 

better understand the evolving learning management 

technology. It can be said that there are research gaps in the 

field. 

A. Purpose of Study 

This research aimed to evaluate students’ perceptions of 

learning management and technologies. Within the scope of 

this purpose, the research questions developed were used to 

investigate the level of learning management and 

technologies used by university students and whether there 

were any differences. 

The research questions are given below. 

1) What is the usage of learning management and 

technologies by university students? 

2) Do university students’ use of learning management and 

technologies differ according to gender? 

3) Do university students’ use of learning management and 

technologies differ according to the variable of the 

department they study? 

4) Do university students’ use of learning management and 

technologies differ according to the class variable they 

study in? 

II. MATERIALS AND METHODS 

This section is the section where the research method, 

sample group, data collection tools, data collection process, 

and data evaluation stages are introduced. 

A. Research Method 

This research was carried out in the screening model, one 

of the quantitative research designs, to determine the views 

of university students on Learning Management and 

Technologies. Screening studies are carried out to reveal the 

beliefs, expectations, attitudes, characteristics, and similar 

situations of a certain group of individuals. The study aimed 

to objectively present the current state of the subject. 

Additionally, it utilized larger sample sizes compared to other 

research methods [26]. 

B. Participants 

The study group consisted of 312 students studying at 

various universities across Kazakhstan. The study utilizes a 

participant of 312 university students, which satisfies the 

recommended participants size for achieving valid and 

reliable results in social science research. Tabachnick and 

Fidell [27] assert that in statistical methods such as factor 

analysis, the determination of participant size should be 

guided by the number of variables analyzed, with 300 or more 

participants generally deemed adequate. Similarly, Field [28] 

emphasizes that statistical techniques, including factor 

analysis and structural equation modeling, necessitate a 

participant size at least ten times larger than the number of 

variables analyzed. Moreover, Field [28] underscores that 

findings derived from studies with participant sizes of 300 or 

more participants are both reliable and generalizable. In light 

of these guidelines, the participant size of 312 utilized in the 

present study is deemed sufficient to ensure the validity and 

reliability of the analyses conducted. 

The participants in the study were selected from students 

actively engaged in education during the Fall 2023–2024 

academic year. The demographic characteristics of the 

students are given in Table 1. 

In Table 1, the gender, class, and department information 

of the university students participating in the research are 

given. 52.9% of the students participating in the research 

were female, and 47.1% were male. Among the 312 

university students who participated in the study, 53.9% were 
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first-year students, while 46.1% were in their second year. 

The distribution of students by field of study was as follows: 

27.5% in history, 25.7% in economics, 23.7% in architecture, 

and 23.1% in law. 
 

Table 1. Demographic information of students 

Demographic 

Status 
Variables n % 

Gender 
Female 165 52.9 
Male 147 47.1 

Total 312 100 

Class 
Class 1 168 53.9 
Class 2 144 46.1 

Total 312 100 

Departments 

History 86 27.5 

Economy 80 25.7 
Architecture 74 23.7 

Law 72 23.1 

Total 312 100 

n = Sample size, %= Percentage value 
 

C. Data Collection Tools 

“The perception of learning management and technologies 

scale” was developed by researchers. In the phase of 

designing the trial form for the development of the scale, the 

scale items were created by scanning the literature. The total 

number of created items was 41. A linguist reviewed the 41 

items to ensure their compliance with grammatical rules. 

Then, the opinions of four professors working in the field of 

educational technology, whose articles were published in 

journals indexed in Scopus or Web of Science. At this stage, 

the technique developed by Lawshe [29] was used. A path 

consisting of 6 steps was followed in this technique: a) 

Formation of a group of field experts; b) Preparation of the 

candidate form; c) Obtaining expert opinions; d) Obtaining 

content validity rates for the items; e) Obtaining content 

validity indexes for the form; f) Formation of the final form 

according to the content validity rates/index criteria. For each 

item, expert opinions were graded as “the item measures the 

targeted structure,” “the item is related to the structure but 

needs to be improved,” and “the item does not measure the 

targeted structure.” Lawshe’s [29] content validity rate 

calculation was used in obtaining the content validity rates of 

the items. The minimum Content Validity Criterion (CVC) 

for four experts is 0.99 [26]. 

𝐶𝑉𝑅 =
𝑁𝑢

𝑁/2 
 - 1        or            𝐶𝑉𝑅 =

𝑁𝑢−𝑁/2

𝑁/2 
 

In this formula, Nu represents the number of experts who 

stated that “the item measures the targeted structure,” and N 

represents the total number of experts who provided an 

opinion on the question. Accordingly, the calculated Content 

Validity Ratios (CVR) were found to be 1.00 by selecting the 

items for which all experts stated that “the item measures the 

targeted structure” to ensure that the content validity criterion 

was above 0.99 over 41 items. Twenty-three items were 

included in this scope. 

The experts selected the most appropriate items for the 

study’s scope from a pool of 41 items. Based on the 

evaluations of four experts, 23 items deemed suitable for the 

study were incorporated into the scale. A pilot version of the 

scale was then developed using these 23 selected items. The 

draft form was graded on a 5-point Likert scale between 

“strongly agree” and “strongly disagree.” Then, the draft 

scale application group was created. The application group 

comprised 296 university students enrolled at various 

universities in Kazakhstan during the 2023–2024 academic 

year. Of these, 120 were female and 176 were male. In scale 

development studies, sufficient sample size is important to 

ensure that the validity and reliability analyses of the scale 

produce reliable results. Comrey and Lee [30] state that a 

sample size of 250–300 is good, and a sample size of 100–

200 is acceptable in scale development or factor analysis 

studies. Similarly, Kline [31] emphasizes that at least 200 

people will be sufficient in complex statistical methods such 

as factor analysis, but a sample size closer to 300 will increase 

the reliability of the analysis results. In this context, the 

sample of 296 people studied in the scale development phase 

complies with the sufficient size range recommended in the 

literature. 

The scale development application for the students was 

carried out online. After the application, the Barlett 

Sphericity test and Kaiser-Meyer test were used to evaluate 

the construct validity. Olkin (KMO) value was calculated. 

Calculations have shown that the KMO value is 0.877. The 

result of Bartlett’s Sphericity test is 3,775,015 (p < 0.05) is 

out. These values indicated that the data set was suitable for 

factor analysis. Exploratory Factor Analysis (EFA) was 

performed with SPSS 25.0. At this stage, the discrimination 

power of the scale items was examined. The intra-item-total 

correlation was calculated. Pearson correlation coefficient 

was used for item-total correlation calculation. During the 

exploratory factor analysis, the ProMax rotation technique 

was used. Items with a factor load greater than 0.32 were 

included in the scale, while two items with a factor load below 

0.32 were excluded from the scale. After item subtraction, the 

factor structure of the scale was re-examined.  

The remaining 21 items were found to comply with the 

specified criteria. In the EFA stage of the learning 

management and technologies scale, the percentage of the 

total variance explained by the factors was examined to 

determine the number of factors. Two sub-dimensions with 

an eigenvalue greater than one were found. The total variance 

explained by these two factors was found to be 79.451%. 

According to the transformed component matrix obtained by 

rotating with the Promax rotation method, nine items were 

found in the first factor and 11 items in the second factor. 

Since an item loaded on more than one factor, it was removed 

from the scale. After the procedures, Confirmatory Factor 

Analysis (CFA) for the learning management and 

technologies scale consisting of 20 items was performed with 

the SPSS Amos program. 

Statistics on the concordance of the CFA results of the 

learning management and technologies scale are given in 

Table 2. 

In Table 2, the values of goodness of fit, good fit values, 

and acceptable fit values obtained as a result of the analyses 

of the Learning Management and Technologies Scale are 

given together. The values accepted for goodness of fit 

indices in the literature are consistent with the results 

obtained in the study. Tabachnick and Fidell [27] stated that 

the following values should be considered for goodness of fit 

indices: X²/df ≤ 3, GFI ≥ 0.90, CFI ≥ 0.95, and RMSEA ≤ 

0.08 are considered acceptable fit limits. Similarly, Hu and 
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Bentler [32] emphasize that CFI ≥ 0.95 and RMSEA ≤ 0.06 

are indicators of a good fit. 
 

Table 2. The goodness of fit index of the learning management and 

technologies scale 

Scale X² df X²/ df GFI CFI RMSEA 

Scale 288.96 136 2.124 0.966 0.97 0.064 

Good Fit 

Values 
  ≤3 ≥0.90 ≥0.97 ≤0.05 

Acceptable 
Fit Value 

  ≤ 4–5 
0.89–
0.85 

≥0.90 
0.06–
0.08 

X² = Chi Square; df = Degrees of Freedom; GFI = Good Fit Index, CFI 

= Comparative Fit Index, RMSEA = Root Mean Square Errors of 

Approximation 
 

In the literature, X²/df ≤ 3 is recommended for acceptable 

fit [24]. The X²/df (2.124) value is below this limit and 

indicates a good fit. According to the literature, GFI ≥ 0.90 is 

acceptable, and GFI ≥ 0.95 indicates a good fit [32]. The 

value of 0.966 obtained from the analysis result indicates a 

good fit. In the literature, CFI ≥ 0.95 is accepted as a good  

fit [32]. The CFI value of 0.97 obtained from the data set 

exceeds this limit and indicates a good fit. 

Finally, in the literature, RMSEA ≤ 0.06 is considered a 

good fit, and 0.06 ≤ RMSEA ≤ 0.08 is considered an 

acceptable fit [32]. The RMSEA value of 0.064 is in the 

acceptable fit category. These results show that the factor 

structure of a scale generally provides a good and reliable 

model. Meeting the good fit limits of indices such as X²/df, 

GFI, and CFI emphasizes that a scale is a strong fit with the 

data and that the factor structure is valid. An acceptable 

RMSEA value may imply that a small amount of 

improvement can be made to the model, but this value is 

within the limits generally accepted in the literature. As a 

result, the construct validity of the scale is strong, and it can 

be said that it is an effective tool for assessing students’ 

attitudes in the context of learning management and 

technologies. 

The changes in the number of scale items after the 

necessary modifications were made are given in Table 3. 
 

Table 3. Number of factor items after EFA and CFA 

Factors 
Number of Articles After 

EFA 

Number of Items After 

CFA 

Factor 1 9 9 

Factor 2 11 10 

 

Table 3 shows the number of items included in the factors 

of the scale after EFA and CFA. The data obtained after 

applying the final modifications show that there are nine 

items in the first factor (motivation) and 10 items in the 2nd 

factor (self-sufficiency). The Learning Management and 

Technologies Scale consisted of a total of 19 items. 

Item total correlation and Cronbach Alpha values of the 

learning management and technologies scale items are given 

in Table 4. 

 
Table 4. The perception of learning management and technologies scale item factor loadings 

Factor Item No Expressions 
Item Total 

Correlation 

Cronbach’s 

Alpha 

Motivation 

1 Accessing course materials through the Learning Management System motivates me. 0.681 

0.865 

2 Using the Learning Management System increases my interest in learning. 0.669 

3 I am more involved in classes through the Learning Management System. 0.689 

4 
Using the Learning Management System effectively contributes positively to my 

academic success. 
0.705 

5 
The use of educational technologies and the Learning Management System increases 

my belief that I can achieve my learning goals. 
0.653 

6 
Interactive content offered through the Learning Management System increases my 

desire to learn. 
0.700 

7 
The easy accessibility of the Learning Management System strengthens my 

commitment to learning. 
0.620 

8 
Using the Learning Management System in group projects helps me be more 

motivated in the learning process. 
0.599 

9 
Using the Learning Management System makes me feel like my learning efforts are 

paying off. 
0.639 

Self-

sufficiency 

10 
I believe that I can easily find the materials I need in the Learning Management 

System. 
0.735 

0.809 

11 I can follow the lessons independently using the Learning Management System. 0.702 

12 I am confident in using educational technologies and Learning Management Systems. 0.782 

13 
I can effectively use the tools provided in the Learning Management System in my 

learning process. 
0.733 

14 I have no trouble exploring the Learning Management System on my own. 0.720 

15 
Thanks to educational technologies and the Learning Management System, I can 

manage my time effectively. 
0.710 

16 
I can improve my academic performance by using the features of the Learning 

Management System. 
0.697 

17 
I can solve the problems I encounter while using educational technologies and 

Learning Management Systems on my own. 
0.774 

18 
I can complete my homework and projects without any problems through the 

Learning Management System. 
0.744 

19 
I think I can achieve my academic goals by using the Learning Management System 

effectively. 
0.729 

Cronbach’s Alpha for Total Scale   0.842 

In Table 4, item-total correlations, Cronbach’s Alpha 

coefficients related to learning management and technologies 

scale factors, and Cronbach’s Alpha coefficient for the 

overall scale are given. The item-total correlations of the 

items in the “Motivation” factor range between 0.599 and 

0.705. The item-total correlations of the items in the “self-

efficacy” factor are between 0.697 and 0.782.  

Reliability analysis included the calculation of Cronbach’s 

Alpha, stratified Alpha construct reliability. In the reliability 

analysis of the two-factor structure of the scale, the 
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motivation sub-dimension Cronbach’s Alpha value was 

found to be 0.865, and the self-efficacy sub-dimension 

Cronbach’s Alpha value was 0.809. For the general learning 

management and technologies scale, Cronbach’s Alpha value 

was found to be 0.842. Self-efficacy subscale Cronbach’s 

Alpha value is 0.792; Cronbach’s Alpha value of the 

optimism sub-dimension was found to be 0.833, and 

Cronbach’s Alpha value of the individual learning sub-

dimension was found to be 0.804. Cronbach’s Alpha value 

for the overall scale was found to be 0.812. Following an 

analysis of the scale’s data, it was concluded that the scale’s 

internal consistency and sub-dimensions both showed 

adequate reliability. 

The items in the developed scale were prepared according 

to a 5-point Likert-type rating scale. The score ranges were 

considered to be of equal intervals. Accordingly, a score 

between 1.00 and 1.80 was categorized as “strongly disagree,” 

a range from 1.81 to 2.60 as “disagree,” a range from 2.61 to 

3.40 as “partially agree,” a range from 3.41 to 4.20 as “agree,” 

and a range from 4.21 to 5.00 as “strongly agree.” 

D. Data Collection Process 

The learning management and technologies scale 

developed by the researchers was applied online to the 

university students who constituted the sample group of the 

research. The scale application, which was delivered to 

students via Google form, was completed in approximately 3 

weeks. During the scale development process, it was 

determined that the application time of the scale was 10–15 

minutes. 

E. Compliance with Ethics 

This research was designed and conducted by ethical rules. 

Before initiating the research, the study design, participant 

rights, and data security protocols were meticulously planned. 

Necessary permissions were obtained from the institutions 

where the research data were collected, specifically the 

universities in which the participating students were enrolled. 

In the universities in Kazakhstan where the study was 

conducted, voluntary participation was emphasized, ensuring 

that no coercion or pressure was applied during the process. 

Data collection was conducted via online platforms, and 

participants’ identities were not recorded, thereby 

guaranteeing anonymity. At the outset of the research, 

participants were explicitly informed that the data they 

provided would be used solely for academic purposes and 

would not be shared with third parties. All data were securely 

stored and were accessible only to the research team. 

Participants were thoroughly informed about the purpose, 

scope, and anticipated contributions of the research before 

their involvement. Only data from individuals who provided 

explicit consent were included in the analysis. Additionally, 

participants were informed of their right to withdraw from the 

study at any stage without any consequences. During the 

online data collection process, tools and secure connections 

adhering to data protection standards were utilized to ensure 

the confidentiality and integrity of the data. All data obtained 

were analyzed anonymously because they did not contain 

personally identifiable information. During the data storage 

process, encrypted storage methods were used to prevent 

third parties from accessing participants’ information. In this 

context, ethical rules were adhered to at every stage of the 

research process, and both the protection of participants’ 

rights and the security of the obtained data were prioritized. 

The research was conducted in full compliance with 

international ethical standards and relevant guidelines. 

F. Data Analysis 

SPSS 25.0 program was used in data analysis. 

Kolmogorov-Smirnov test was applied to decide which tests 

to apply to the data set. As a result of the analysis, it was 

determined that the data set (p < 0.05) showed a normal 

distribution. In this regard, it was determined that parametric 

tests would be applied to the dataset obtained from the 

learning management and technologies scale. Independent 

samples t-test was used in the analysis of bivariate data, and 

one-way Analysis of Variance (ANOVA) was used in the 

analysis of data with more than two variables. 

III. RESULTS  

To evaluate the perceptions of university students 

regarding learning management and technologies, the 

“Learning Management and Technologies Scale” was 

developed and applied to university students. In this section, 

the scores obtained by university students on the Learning 

Management and Technologies Scale are presented. 

In Table 5, the weighted average and standard deviations 

of the learning management and technologies scale of the 

university students participating in the research are given. 
 

Table 5. Weighted average and standard deviations of learning management 

and technologies scale 

Scales M SD 

Motivation 4.35 0.842 

Self-sufficiency 3.88 0.693 

Total scale 4.10 0.805 

M = Mean, SD = Standard Deviation. 
 

In Table 5, the learning management and technologies 

scale motivation sub-dimension (M = 4.35, SD = 0.842), self-

efficacy sub-dimension (M = 3.88, SD = 0.693), and the 

overall scale (M = 4.10, SD = 0.805) weighted average and 

standard deviations are given. These findings show that 

students have very high attitudes toward learning 

management and technology motivation and high levels of 

self-efficacy. It was also determined that students had high 

attitudes towards learning management and technologies. 

In Table 6, the t-test results of the independent variables of 

the attitudes of the university students participating in the 

research towards the learning management and technologies 

scale are given according to the gender variable. 
 

Table 6. T-test results of independent variables according to gender 
variable 

Gender n M SD F p 

Female 165 3.88 0.811 12.698 0.000 

Male 147 4.35 0.665   

n = Sample size, M = Mean, SD = Standard deviation, F = Test of 
equality of variances, p = Null hypothesis 

 

In Table 6, the independent variables t-test results (F = 

12.698, p < 0.5) of the attitudes of the university students 

participating in the research towards the learning 

management and technologies scale according to the gender 

variable are given. This result reveals that there is a 

significant difference between male and female students. 

According to the results, male students’ attitudes towards 
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learning management and technologies were found to be 

higher than female students. 

In Table 7, the independent variables t-test results of the 

attitudes of the university students participating in the 

research towards the learning management and technologies 

scale according to the class variable they are studying are 

given. 
 

Table 7. t-test results of independent variables according to the class of 

education 

Class n M SD F p 

1. Class 168 4.07 0.651 4.754 0.880 
2. Class 144 4.12 0.644   

n = Sample size, M = Mean, SD = Standard deviation, F = Test of 

equality of variances, p = Null hypothesis 

 

In Table 7, the t-test results of the independent variables (F 

= 4.754, p > 0.5) of the attitudes of the university students 

participating in the research towards the learning 

management and technologies scale according to the class 

variable they are studying are given. This result reveals that 

the 1st and 2nd-grade students’ attitudes toward learning 

management and technologies are similar. 

In Table 8, the one-way analysis of variance ANOVA 

results of the attitudes of the university students participating 

in the research towards the learning management and 

technologies scale according to the variable of the department 

they studied are given. 
 

Table 8. One-way analysis of variance ANOVA results according to the 

Department of Education 

Departments n M SD F p 

History 86 4.04 0.683 6.565 0.620 
Economy 80 4.17 0.441   

Architecture 74 4.07 0.436   

Law 72 4.13 0.699   

n = Sample size, M = Mean, SD = Standard deviation, F = Test of 
equality of variances, p = Null hypothesis 

 

Table 8 shows the one-way analysis of variance ANOVA 

results (F = 6.565, p > 0.5) of the attitudes of the university 

students participating in the study towards the Learning 

Management and Technologies Scale according to the 

department variable in which they study. This result reveals 

that the students studying in the departments of history, 

economy, architecture, and law have similar attitudes towards 

learning management and technologies. 

IV. DISCUSSIONS 

The university students participating in the research have a 

very high attitude toward learning management and 

technology motivation and a high degree of self-efficacy. The 

general attitudes of students towards learning management 

and technologies are found to be a high degree. Eom [33] 

investigated students’ satisfaction with learning management 

systems in online learning. As a result of the research, it was 

determined that students’ satisfaction with learning 

management systems was high, and the quality of information 

and readiness had an effect on student satisfaction. In addition, 

there are studies in the field that show that learning 

management systems have a positive effect on course success 

[34–36]. 

It is seen that the attitudes of the university students 

participating in the research towards the learning 

management and technologies scale differ according to the 

gender variable. It was determined that the significant 

difference was in favor of male students. This finding aligns 

with previous research indicating that male students tend to 

have a more positive attitude toward the use of Information 

and Communication Technologies (ICT). For example, a 

study by Al-Azawei [37] found that male students have a 

higher acceptance of Learning Management Systems (LMS) 

than female students. In contrast, other studies have reported 

different trends. A meta-analysis conducted by Campos and 

Scherer [38] revealed that female students demonstrate higher 

proficiency in digital skills compared to their male 

counterparts. The study suggests that this disparity may stem 

from differing perspectives: while male students exhibit a 

more positive attitude toward technology, female students 

possess greater competence in specific digital competencies. 

Contrary to this research, Chua and Montalbo [39], in their 

study aiming to determine the satisfaction of learners in 

learning environments, found that there was no significant 

difference between male and female students and that the 

satisfaction of all students was high. 

These mixed findings suggest that gender differences in 

attitudes toward educational technologies are complex. 

Research conducted in disciplines such as history, economics, 

architecture, and law suggest that male students in these fields 

may exhibit more positive attitudes toward the use of 

Learning Management Systems (LMS). However, the 

inconsistencies observed across studies highlight the need for 

further investigation into how factors such as academic 

discipline, cultural context, and prior experience with 

technology influence these attitudes. Understanding these 

nuances is critical to developing targeted strategies to 

increase LMS participation in different student groups. 

It was determined that the attitudes of university students 

towards the learning management and technologies scale did 

not differ significantly according to the grade variable. 

Nevertheless, 1st and 2nd-year students had similar attitudes. 

This finding is consistent with the study by  

Odekeye et al. [40], which found that students’ satisfaction 

with learning management systems did not differ 

significantly according to their year of study. In contrast, a 

study by Alshorman and Bawaneh [41] found that students’ 

attitudes toward using learning management systems differed 

according to the grade level they were studying in, with first-

year students exhibiting more positive attitudes. These 

different results suggest that attitudes toward learning 

management systems may vary according to the grade level, 

but this effect may differ depending on the context and 

characteristics of the participants. The findings of the present 

study, which indicate that the attitudes of students in 

disciplines such as history, economics, architecture, and law 

did not vary according to grade level, suggest that students 

within these fields may share similar experiences and needs 

related to technology use. 

Similarly, it was determined that the attitudes of the 

university students participating in the research towards the 

learning management and technologies scale did not make a 

significant difference according to the variable of the 

department they studied and the students studying in the 

departments of history, economics, architecture, and law had 

similar attitudes. This finding is consistent with the study by 

Öztürk et al. [42], which reported that most learners, 
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regardless of age, gender, or academic department, expressed 

satisfaction with the use of the Learning Management System. 

Tabachnick & Fidell [27] evaluated student attitudes 

toward learning management systems and determined that 

their attitudes towards learning management systems were 

high, regardless of age and department variables. 

Possible reasons for the similar results may include the 

similar perception of standardized and user-friendly 

interfaces offered by learning management systems by 

students in different departments. In addition, the widespread 

and consistent use of LMS in all departments of universities 

may contribute to students’ attitudes towards these systems 

being similar regardless of department. Another possible 

reason for the similar results is that the basic functions that 

students need when using learning management systems 

(accessing course materials, uploading homework, 

participating in exams, among other things) are largely 

similar across departments. This may provide a user 

experience that does not differ across departments and shape 

student attitudes on a common level. In addition, general 

access to digital technologies and the increasing homogeneity 

of students’ technological literacy levels may have a 

balancing effect on attitudes toward learning management 

systems. In particular, familiarity with technology and 

widespread daily use may create similarities in student 

perceptions regardless of department. However, these 

findings do not directly imply that learning management 

systems meet the needs of all departments equally. Future 

studies should examine the unique educational needs of 

different departments and how these systems respond to these 

needs in more detail. Thus, by going beyond the current use 

of learning management systems, more customized and 

department-based applications can be designed. 

In conclusion, the lack of variation in attitudes toward 

Learning Management Systems (LMS) based on academic 

departments suggests that these systems generally provide a 

user-friendly and inclusive design. However, implementing 

department-specific enhancements to tailor these systems to 

the unique needs of different disciplines could further 

improve their effectiveness and responsiveness, thereby 

enhancing overall user satisfaction and success. 

A review of the research conducted in the field revealed 

that numerous studies identified the necessity for learning 

management systems to incorporate features that facilitate 

ease of use for students [43–48]. 

V. CONCLUSION AND RECOMMENDATIONS 

Since technology and education were combined, there has 

been a constant renewal in educational content. Learning 

management systems also create positive effects in the 

education process of students with the integration of 

technology into education. Since learning management 

systems are student-oriented, they allow the active 

participation of students. For this reason, it is important to get 

students’ opinions on learning management systems. From 

this point of view, this study is aimed at examining the 

students’ learning management and use of technologies. The 

findings show that students’ general attitudes toward learning 

management systems are high and that these systems are used 

effectively by students.  

Significant differences were observed according to the 

gender variable within the scope of the research; it was 

determined that male students’ attitudes towards learning 

management systems were more positive than female 

students. However, this finding contradicts some studies 

suggesting that women have higher digital competence levels. 

This situation reveals that attitudes towards technology and 

digital skills have a complex structure and that the effects of 

gender in these areas may vary depending on the context and 

participant profile. Criteria should be determined to ensure 

that the attitudes of university students towards learning 

management systems are at a similar level for male and 

female students, and experts’ opinions should be consulted in 

this regard.  

The research indicated that class level did not create a 

significant difference in attitudes toward learning 

management systems. This situation shows that students 

perceive and use learning management systems similarly 

regardless of their class level. Similarly, the department 

variable did not have a significant effect on attitudes. It was 

determined that students studying in different disciplines, 

such as history, economics, architecture, and law, exhibited 

similar attitudes toward learning management systems. This 

finding shows that the standardized and user-friendly 

structures offered by learning management systems can 

minimize the effect of differences between departments. 

Institutions should consider students’ attitudes and 

expectations when choosing learning management systems.  

As a result, students’ positive attitudes towards learning 

management systems indicate that these systems generally 

meet user needs. However, to make the systems more 

effective and user-focused, detailed analyses based on gender, 

class, and department are important. This research 

emphasizes that learning management systems offer inclusive 

designs, but it also reveals that future studies should focus on 

how the systems can meet the unique needs of different user 

groups. 

This study was conducted with 1st and 2nd-year university 

students on learning management systems. It is anticipated 

that replicating this study with larger sample sizes while 

considering current practices will further contribute to the 

field. It is recommended to expand the study to include 

students from different academic years and departments. 

Investigating such variations could lead to more tailored and 

effective solutions regarding the design and functionality of 

Learning Management Systems (LMS). Moreover, studies 

involving more diverse sample groups would offer a broader 

range of perspectives on LMS usage. Replicating studies in 

varied contexts may also provide insights into how cultural, 

socioeconomic, and educational differences influence 

attitudes toward LMS, thereby laying the groundwork for 

future research in this area. 

CONFLICT OF INTEREST 

The authors declare no conflict of interest. 

AUTHOR CONTRIBUTIONS 

AMA Conceptualization, Investigation; AAM Project 

administration, Writing-review & editing; ZMZ Data 

curation, Formal analysis; MAE Methodology, Resources; 

LM Validation, Visualization. All authors had approved the 

final version. 

International Journal of Information and Education Technology, Vol. 15, No. 10, 2025

2315



 

 

 

 

ACKNOWLEDGMENT 

 

REFERENCES 

[1] A. A. Shaame et al., “Exploring a learning management system as a 
way to improve students’ understanding of geometry in secondary 

schools,” Africa Education Review, vol. 17, no. 4, pp. 17–40, Mar. 2020.  

[2] D. Al-Fraihat et al., “Evaluating e-learning systems success: An 
empirical study,” Computers in Human Behavior, vol. 102, pp. 67–86, 

Jan. 2020. 

[3] S. Bedenlier et al., “Facilitating student engagement through 
educational technology in higher education: A systematic review in the 

field of arts and humanities,” Australasian Journal of Educational 

Technology, vol. 36, no. 4, pp. 126–150, Jan. 2020. 
[4] A. Kirkwood and L. Price, “Technology-enhanced learning and 

teaching in higher education: What is ‘enhanced and how do we know? 

A critical literature review,” Learning, Media and Technology, vol. 39, 
no. 1, pp. 6–36, Feb. 2013. 

[5] M. Bond et al., “Emergency remote teaching in higher education: 

Mapping the first global online semester,” International Journal of 
Educational Technology in Higher Education, vol. 18, 50, Aug. 2021. 

[6] A. Bandura, Self-Efficacy: The Exercise of Control. New York: Worth 

Publishers Inc., 1997, ch. 1. 
[7] R. Prifti, “Self–efficacy and student satisfaction in the context of 

blended learning courses,” Open Learning: The Journal of Open, 
Distance and e-Learning, vol. 37, no. 2, pp. 111–125, April 2020. 

[8] S. Balkaya and U. Akkucuk, “Adoption and use of learning 

management systems in education: The role of playfulness and self-
management,” Sustainability, vol. 13, no. 3, 1127, Jan. 2021. 

[9] F. Delıta, N. Berutu, and N. Nofrıon, “Online learning: The effects of 

using e-modules on self-efficacy, motivation, and learning outcomes,” 
Turkish Online Journal of Distance Education, vol. 23, no. 4, pp. 93–

107, Oct. 2022. 

[10] L. Alemayehu and H. L. Chen, “The influence of motivation on 
learning engagement: The mediating role of learning self-efficacy and 

self-monitoring in online learning environments,” Interactive Learning 

Environments, vol. 31, no. 7, pp. 4605–4618, Sep. 2023. 
[11] Y. C. Chang and Y. T. Tsai, “The effect of university students’ 

emotional intelligence, learning motivation and self-efficacy on their 

academic achievement—Online English courses,” Frontiers in 
Psychology, vol. 13, 818929, Feb. 2022. 

[12] A. Amoozegar, M. Abdelmagid, and T. Anjum, “Course satisfaction 

and perceived learning among distance learners in Malaysian research 
universities: The impact of motivation, self-efficacy, self-regulated 

learning, and instructor immediacy behavior,” Open Learning: The 

Journal of Open, Distance, and e-Learning, vol. 39, no. 4, pp. 387–413, 
July 2022. 

[13] A. Akhmetsapa et al., “The effect of primary school teachers using 

online education on their professional creativity,” International 
Journal of Cognitive Research in Science, Engineering and Education 

(IJCRSEE), vol. 12, no. 1, pp. 19–29, Apr. 2024. 

[14] L. Zhao, X. Liu, and Y. S. Su, “The differentiating effect of self-
efficacy, motivation, and satisfaction on pre-service teacher students’ 

learning achievement in a flipped classroom: A case of a modern 

educational technology course,” Sustainability, vol. 13, no. 5, 2888, 
Mar. 2021. 

[15] S. S. Aye and M. R. Rillera, “Readiness for inter-professional 

education at health sciences: A study of educational technology 

perspectives,” World Journal on Educational Technology: Current 

Issues, vol. 12, no. 3, pp. 207–216, 2020.  

[16] R. Salama, A. Qazi, and M. Elsayed, “Online programming language—
Learning management system,” Global Journal of Information 

Technology: Emerging Technologies, vol. 8, no. 3, pp. 114–123, Dec. 

2018. 
[17] D. H. Schunk, “Self-efficacy and academic motivation,” Educational 

Psychologist, vol. 26, no. 3-4, pp. 207–231, 1991. 

[18] E. L. Usher and F. Pajares, “Sources of self-efficacy in school: Critical 
review of the literature and future directions,” Review of Educational 

Research, vol. 78, no. 4, pp. 751–796, Dec. 2008. 

[19] E. L. Deci and R. M. Ryan, “The ‘what’ and ‘why’ of goal pursuits: 
Human needs and the self-determination of behavior, “Psychological 

Inquiry, vol. 11, no. 4, pp. 227–268, 2000. 

[20] R. Wang et al., “Relationship between medical students’ perceived 
instructor role and their approaches to using online learning 

technologies in a cloud-based virtual classroom,” BMC Med. Educ., vol. 
22, 560, 2022.  

[21] R. J. Vallerand, “Toward a hierarchical model of intrinsic and extrinsic 

motivation,” Advances in Experimental Social Psychology, New York: 
Academic Press, 1997, pp. 178–187. 

[22] J. J. Kim, Y. Yoon, and E. J. Kim, “A comparison of faculty and student 

acceptance behavior toward learning management systems,” 
International Journal of Environmental Research and Public Health, 

vol. 18, no. 16, 8570, Aug. 2021. 

[23] A. S. Al-Adwan., “Novel extension of the UTAUT model to understand 
continued usage intention of learning management systems: The role 

of learning tradition,” Education and Information Technologies, vol. 

27, pp. 3567–3593, Sep. 2021. 
[24] M. Dindar et al., “Comparing technology acceptance of K‐12 teachers 

with and without prior experience of learning management systems: A 

Covid‐19 pandemic study,” Journal of Computer-Assisted Learning, 
vol. 37, no. 6, pp. 1553–1565, Aug. 2021. 

[25] J. Yu et al., “Investigating students’ emotional self-efficacy profiles 

and their relations to self-regulation, motivation, and academic 
performance in online learning contexts: A person-centered approach,” 

Education and Information Technologies, vol. 27, pp. 11715–11740, 

May 2022. 
[26] J. R. Fraenkel, N. E. Wallen, and H. H. Hyun, How to Design Oath 

Evaluate Education Research, New York: McGraw-Hil, 2012, ch. 8, 

pp. 34–46 

[27] B. G. Tabachnick and L. S. Fidell, Using Multivariate Statistics, New 

York: Pearson Education Limited, 2012, ch. 6. 

[28] A. Field, Discovering Statistics Using IBM SPSS Statistics, New York: 
Sage Publications, 2018, ch. 5. 

[29] C. H. A. Lawshe, “Quantitative approach to content validity,” 

Personnel Psychology, vol. 28, no. 4, pp. 563–575, 1975.  
[30] A. L. Comrey and H. B. Lee, A First Course in Factor Analysis, Hove: 

Psychology Press, 1992, ch. 2. 

[31] P. Kline, A Handbook of Test Construction: Introduction to 
Psychometric Design, London: Routledge, 2015. 

[32] L. T. Hu and P. M. Bentler, “Cutoff criteria for fit indexes in covariance 

structure analysis: Conventional criteria versus new alternatives,” 
Structural Equation Modeling: A Multidisciplinary Journal, vol. 6, no. 

1, pp. 1–55, 1999. 

[33] S. B. Eom, “Understanding e-learners’ satisfaction with learning 
management systems,” Bulletin of the IEEE Technical Committee on 

Learning Technology, vol. 16, no. 2, pp. 10–13, 2014.  
[34] J. W. You, “Identifying significant indicators using LMS data to predict 

course achievement in online learning,” The Internet and High 

Education, vol. 29, pp. 23–30, April 2016.  
[35] Y. Z. Olpak, S. Baltaci, and M. Arican, “Investigating the effects of 

peer’s instruction on preservice mathematics teachers’ achievements in 

statistics oath probability,” Education and Information Technologies, 
vol. 23, pp. 2323–2340, May 2018.  

[36] M. McCray, “Fractionville: Impact of gamification on learning 

foundational fractions in the third grade,” Ph.D. dissertation, Kean 
University, New Jersey, USA, 2019 

[37] A. Al-Azawei, “The moderating effect of gender differences on 

Learning Management Systems (LMS) acceptance: A multi-group 
analysis,” Italian Journal of Educational Technology, vol. 27, no. 3, pp. 

257–278, Dec. 2019. 

[38] D. G. Campos and R. Scherer, “Digital gender gaps in students’ 
knowledge, attitudes and skills: An integrative data analysis across 32 

countries,” Education and Information Technologies, vol. 29, no. 1, pp. 

655–693, Nov. 2023. 
[39] C. Chua and J. Montalbo, “Assessing students’ satisfaction on the use 

of Virtual Learning Environment (VLE): An input to a campus-wide e-

learning design oath implementation,” in Proc. Information and 

Knowledge Management, 2014, pp. 108–116.  

[40] O. T. Odekeye et al., “Perception of learning management system 

(LMS) on the academic performance of undergraduate students during 
the COVID-19 pandemic,” International Journal of Education and 

Development Using Information and Communication Technology, vol. 

19, no. 1, pp. 7–19, 2023. 
[41] B. A. Alshorman and A. K. Bawaneh, “Attitudes of faculty members 

and students towards the use of the learning management system in 

teaching and learning,” Turkish Online Journal of Educational 
Technology-TOJET, vol. 17, no. 3, pp. 1–15, July 2018. 

[42] A. Öztürk et al., “Satisfaction status of open and distance learners 

regarding learning management system and learning materials,” 
Journal of Open Education Applications and Research, vol. 3, no. 4, 

pp. 81–107, 2017. https://dergipark.org.tr/tr/download/article-

file/403880 (in Turkish) 
[43] P. Shayan and E. Iscioglu, “An assessment of students’ satisfaction 

level from learning management systems: A case study of Payamnoor 

oath Farhangian Universities,” Engineering, Technology & Applied 
Science Research, vol. 7, no. 4, pp. 1874–1878, 2017. 

International Journal of Information and Education Technology, Vol. 15, No. 10, 2025

2316

The authors wish to thank to the participants who 

contributed to the research process.



 

 

 

 

[44] J. K. Lee and C. Y. Hwang, “The effects of computer self-efficacy oath 

learning management system quality on e-learner’s satisfaction,” in 
Proc. the 2007 European LAMS Conf.: Designing the Future of 

Learning, 2017, pp. 73–79. 

[45] S. Lonn and S. D. Teasley, “Saving time or innovating practice: 
Investigating perceptions oath uses of learning management systems,” 

Computers & Education, vol. 53, no. 3, pp. 686–694, Nov. 2009.  

[46] R. Dobrican, S. Reis, and D. Zampunieris, “Empirical investigations on 
community building and collaborative work inside a lms using 

proactive computing,” in Proc. e-Learn: World Conf. on EdTech. 

Association for the Advancement of Computing in Education (AACE), 
2013, pp. 1840–1852.  

[47] M. L. Cheok and S. L. Wong, “Predictors of e-learning satisfaction in 

teaching oath learning for school teachers: A literature review,” 
International Journal of Instruction, vol. 8, no. 1, pp. 75–90, Jan. 2015. 

[48] D. P. E. Nyein, “Implementing a web-based learning management 

system in education,” Cooperative University (Sagaing), Research 
Journal, vol. 3, no. 1, pp. 96–111, 2020.  

 

Copyright © 2025 by the authors. This is an open access article distributed 
under the Creative Commons Attribution License which permits unrestricted 

use, distribution, and reproduction in any medium, provided the original 

work is properly cited (CC BY 4.0). 
 

 

 

International Journal of Information and Education Technology, Vol. 15, No. 10, 2025

2317

https://creativecommons.org/licenses/by/4.0/

	IJIET-V15N10-2426-IJIET-16227



