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Abstract—The existence of original UGC of education makes 

learners can get learning resources through diverse channels, 

this will change the way of learning and the users’ active 

participation guarantee the generation of original UGC of 

education. This research is based on motivation theory, social 

exchange theory and self-efficacy theory, putting forward an 

original generating motivation hypothesis model on original 

UGC of education from two dimensions, individual and society, 

extracting 6 factors and 7 theoretical hypotheses for motivation 

study. The object of this empirical research is the creator of 

original UGC of education and verify 7 hypotheses with 

structural equation model. Finding that lifelong learning have a 

positive impact on users’ enthusiasm to generate content. 

 

Index Terms—User generated content, open learning 

resource, motivation, structural equation modeling.  

 

I. INTRODUCTION 

Education today face a range of challenges, such like its 

role in society, the functions of universities [1], and 

increasing diversity and quantity of the student [2], User 

Generated Content (UGC) may change the current situation. 

User-generated content (UGC) exists in social media 

platforms specially, is plays key role in online ecosystem [3]. 

As for the fast development of Internet and interactive social 

media, more and more people are likely to share the content 

they create to others online. There are three main 

characteristics for UGC [4]. First, consumers are now the 

producers. The user in the Internet confined to passive 

consumption in the past while they have an active role under 

the effect of social media platform [5]. Second, production 

occur without immediate profit motivation. An active 

consumer is not directed by a short term financial goal which 

also means a majority of user generated contents are not used 

to generate immediate profits. Third, UGC is produced by 

social media platform. The person who willing to generate 

content is uncertain, so we need to distinguish the person who 

have a motivation in generating contents [6]. In china, the 

platform to produce UGC ranging from Wikipedia, 360DOC 

to Baidu Library and so on. In the year to December, 2016, 

 

 

 

there exists 668 million Internet users in China [7], the vast 

number of users is the foundation for the development of the 

digital resources online. However, according to online 

community the 90-9-1 law proposed by Nielsen [8], only 1% 

produces the most part of content on multimedia platform. So 

we need to take some actions based on research to show how 

to motivate the user contributing their knowledge. 

User-generated content (UGC) has becoming much more 

popular with the hselp of Web 2.0 technologies. Technology 

is an essential and required element learning and teaching. 

UGC is a new mechanism to share content online and give 

opportunities to teachers and students to gain knowledge 

from more ways [9]. Which means students and teachers can 

share, collaborate and acquire resources in the process of 

learning and teachers can adopt the content to classroom. The 

knowledge creation metaphor indicates that learning is a 

process of developing collaborative-shared objects and 

artefact [10]. That is to say, UGC can be considered as a 

typical co-creating knowledge objects on the website. So we 

can consider that UGC may have the potential to improve the 

situation of teaching in college and possibly provide more 

materials for students and teachers. Researchers have 

investigated the possibility of integrating UGC into teaching 

and learning in recent years because of the features UGC had, 

such as free to access. Wheeler et al. study about whether it is 

works to promote collaborative learning of college students 

by using wiki systems, a co-editing system. Furthermore, 

co-editing Wikipedia may transfer knowledge [11], 

crowdsourcing may provide the opportunity to make use of 

an innovative idea from the masses [12], and the 

question-answer communities may help people solve their 

problems [13]. 

However, continually creating content without a core 

content strategy leads to duplication, inconsistency, 

inaccuracy and disconnected pathways [14]. Some user will 

copy content from other users, which lead to a phenomenon 

of plagiarism. The construction of learning resources online 

has a close relationship with the development of UGC on 

education and the contribution of the user. There exists 

plenty of repetitive resources online hampering the 

prosperous development of the UGC in education. And 

original content and user creation enthusiasm is the insurance 

for well development of resources online. However, few 

papers focus on the original user generated content’s 

perspective. One purpose of this study was to focus on 

original user to study about why they glad to contribute their 

knowledge on the basis of motivation theory, social exchange 

theory as well as self-efficacy theory. Another purpose was 
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to give some advices based on this study about how to 

motivate the user online share their knowledge. 

 

II. LITERATURE REVIEW 

Different researchers have different opinions on the 

motivation of user generated content. Some researchers hold 

the view that the reason why people want to generate content 

has a close relation to helping others and wanting desire. 

Motivation theory has widely been used to explain 

individual’s behavior of using information technology in 

previous research [15]. Motivation is unobservable. The 

thing we can do to observe motivation is from behavior [16]. 

Deci classified the motivations into extrinsic motivation and 

intrinsic motivation. Extrinsic motivation mentioned about 

committing an action as for its perceived helpfulness in 

achieving value (e.g., the performance of improvement) [17], 

while intrinsic motivation refers to committing an action as 

for interest in the action itself, rather than external 

reinforcement [18]. Kim et al. pointed out that perceived 

benefit affects the individual’s attitude on using technology. 

Motivation theory plays a great role in the field of 

Management and Systems Science, Sociology [19]. 

Baumeister thought deeply about the construction of a 

general theory of motivation and offers ideas about what such 

a theory might require. [20] One assumption is that the 

expression ‘‘motivation’’ refers to wanting (desire). 

Therefore, the desire to acquire information online is one of 

the motivation to use social media platform.  

Some other researchers think the reason why person on 

multimedia platform has a strong desire to generate content 

relate to social factors. One of the most influential conceptual 

paradigms in descripting organizational behavior is Social 

exchange theory. [21] Social exchange theory refers to in 

interdependent relationships, transactions between parties 

beget a norm of reciprocity and, possibly, quid pro quo 

reciprocity [22]. The reciprocity norm [23] specifies that 

favorable treatment received by one party obligates him/her 

to provide favorable treatment in return. A study on the basis 

of needs hierarchy from Maslow, the cost includes cognitive 

and executional costs demonstrates that a sense of self-worth, 

social support, and improving reputation positively impact 

both general and specific knowledge sharing. [24] 

Furthermore, social exchange theory has the character on 

emotional evaluation (i.e., satisfaction on the quality of 

process and outcome) and rational evaluation (i.e., learning). 

The social exchange describes the motivation form social 

factors, the factors related to individual such as self-efficacy 

will also influence the person’s generate behavior. 

Self-efficacy is defined by Bandura as one's ability to judge 

and deduce individual’s behavior over completing one thing. 

That is to say, self-efficacy is a conviction about what a 

person can do and how well he or she can do it [25], [26]. It 

determines how peoples’ perceived goals, values, and 

behavior influenced by environmental opportunities and 

impediments [27]. Thus social media have the potential to 

enhance students' self-efficacy in learning and can support 

students to make great effort in developing their learning [28]. 

Hong hold the view that self-efficacy and learning interest 

was positively correlated to learning satisfaction. [29] Thus, 

we may expect users’ self-efficacy has a close relationship 

with contribution and learning behavior. However, 

self-efficacy cannot have effect on desirable behavior alone, 

the individual behavioral capability (knowledge and/or skill) 

is indispensable to perform the specific act [30]. Therefore, 

the self-efficacy, such like interest in helping others, is one of 

the motivation to use social media platform. As a result, in 

this article, we will take a person’s knowledge level into 

consideration. 

User-generated content (UGC) has received wide attention 

in last decade. Knowledge embedded UGC has been 

emphasized as a valuable Internet asset [31], [32]. Currently, 

the primary stream on UGC research focus on motivation. 

Poch and Martin examine the effect for altruism (individual 

difference-intrinsic motivation), social benefits (extrinsic 

reward), and economic incentives (extrinsic reward) on 

intentions to create UGC, showing that extrinsic rewards 

(economic incentives) result in more positive intentions to 

create UGC than intrinsic motivations and an effect of 

altruism is also obviously revealing that high altruism 

consumers are more likely to create positive UGC. [33] Knoll 

and Proksch surveys 181 social media users on motivation, 

personality and attitude toward advertising in general, 

showing that quantity on knowledge contributed on social 

media platform can be enhanced greatly with the influence of 

rewards in reputation systems and learning is proved to be a 

crucial motivational factor in this context. [34] However, 

enjoy helping is weakly related with knowledge contribution 

quality [35]. 

Additionally, self-presentation, self-promotion, and 

creativity were noted, based on her analysis of Polish blogs. 

Thus, we can conclude that, the study about motivations to 

generate content is rich. It may be concluded that the 

motivation to generate content may include reputation system, 

individual factor and social benefits. 

 

III. RESEARCH MODEL AND HYPOTHESIS 

As describe in above, we set hypothesis that 89 type of 

motivation (lifelong learning, user response, self-regulatory, 

enjoy helping, self-efficacy, interest and curiosity, social 

identity and altruism) the research model (show in Fig. 1) is 

showed.  
 

 
Fig. 1. The research model on the motivation to generate content. 

 

A. Lifelong Learning 

Answering others’ questions involves certain level of 

information processing [36], since it needs contributors give 
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a solution after deeply thinking. when contributing, 

participants can learn from the process of explaining their 

idea to others [37]. Learning is a kind of internalized extrinsic 

motivation since it does not stem from the internal enjoyment 

of the activity. The lifelong learning motivation may have a 

positive impact on knowledge contribution. We also suppose 

that lifelong learning may have a positive effect on 

user-generated behavior and self-efficacy. 

H1. Lifelong learning will have a positive effect on 

behavioral intention. 

B. User Response 

Studies in psychology show that higher performance can 

be enhanced by the positive feedback of individuals’ 

competence [38]. The speed of user response will affect the 

efficiency of the communication between the users, when a 

user uploads a content, and other user does not respond, the 

user doesn't want to continue to generate the next time. So we 

think user response may have an effect on time devotion and 

user generated content. 

H2. User response will have a positive effect on behavioral 

intention. 

C. Self-efficacy 

As self-efficacy beliefs are task-specific, a person with 

high self-efficacy will tend to exhibit certain positive 

personal qualities such as persistence, strategic planning and 

high achievement. Tower has ever proved that social media 

platforms can enhance students' self-efficacy in learning as 

for social media platform can support students to develop 

their learning. Ability. [39] So we infer that self-efficacy will 

also affect user’s generated behavior. 

H3. Self-efficacy will have a positive effect on behavioral 

intention. 

D. Interest and Curiosity 

It is innate interest when going after a goal or working on 

an activity [40]. Curiosity is one of the intrinsic motivation of 

individual learning and knowledge. Einstein had ever said 

that his success is because of is that he has a fever for the 

curiosity of reason.  

H4. Interest and curiosity will have a positive effect on 

behavioral intention. 

E. Self-regulatory 

Self-regulatory is a complex process that modulates one's 

behavior in a given situation. If a user can have high 

self-regulation, he or she may not intend to copy the contents 

of the rest of the author. There is a close relation between 

emotion self-regulation and symptoms of depression, anxiety, 

eating pathology, and behavior [41].  

H5. Self-regulatory will have a positive effect on 

behavioral intention. 

F. Behavioral Intention 

H6. Behavioral intention will have a positive effect on 

user-generated behavior.  

Existing work has mostly considered the aspects of user 

and system characteristics using TAM. Web 2.0 acts as an 

interactive platform for users sharing their views and 

opinions. 

IV. METHODOLOGY 

A. Data Collection 

The data for this study was collected by a questionnaire 

provided to individuals who contribute UGC on the platform 

of 360DOC, Youku Video, 51ASPX, OSC (Open source 

China) and Douban. According to the principle of 

convenience sampling, 20 participants were selected and 

given the opportunity to answer the questionnaire tentative, 

including picking out mistakes, and adding neglected appoint 

which is a valid way to eliminate misinterpretations in a 

questionnaire [42]. The questionnaire was distributed to 

users on the platform (including 360DOC, Youku Video, 

51ASPX, OSC (Open source China) and Douban.), who had 

experience creating content at least once in year 2016. 

Moreover, these users also need to satisfy following criteria. 

First, they must have contact and active on the platform, thus, 

the users who answer questionnaire need to contribute once 

at least, they cannot just scan what other users share. Second, 

they content is original, they cannot plagiarize from other 

resources online. The questionnaire was written in Chinese 

and send to user on social media platform via e-mail and 

WEBIM in 6 weeks. In the beginning, participants were 

informed they had the right to end the questionnaire at any 

time to ensure their anonymity. 

B. Participants 

Users of 360DOC, Youku, 51ASPX, OSC (Open source 

China) and Douban are invited by the instant messenger 

provided by the community, receiving 1350 responses in the 

end. As we require users complete all the questions before 

they can submit which is designed by the online 

questionnaire called SO JUMP, there is no missing value in 

all the responses, resulting in a final sample of 1210 valid 

responses. Among the 1210 questionnaire, about 287 users 

admit they are original user and they have contributed 

content at least once a year. The result of the 287 respondents 

show that 53% are male, 75% are below the age of 39 and 

90% have college degree. Table 1 shows sample 

demographics in details. 

C. Instrument 

Most measurement items are obtained from previous 

studies to ensure validity and reliability. Table 2 shows the 

detailed construct items. The measurements are all assessed 

by using a five-point Likert scale ranging from 1=strongly 

disagree to 5=strongly agree. The three items except for the 

third for constructing lifelong learning, are adapted from 

Clary [43] and Yu, Jiang, & Chan [44] add an item about 

contributors’ overall assessment of their learning ability. The 

three items for user response are adapted from Wasko and 

Faraj [45]. Since there is no existing measurement for 

knowledge level, time devotion for quantity/quality, we 

develop the measurement. 
 

TABLE I: CONSTRUCT ITEMS 

Construct Item wording and code Sources 

Lifelong 

learning  

 I get the opportunity to exercise my 

current knowledge by answering 

questions online 

 I can get further understanding 

about certain topics by answering 

Revised based 

on  

 Clary, et al. 

[43] 

 Yu, Jiang, & 
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questions online 

 I think I can improve my learning 

ability by sharing knowledge 

 I can enhance my critical thinking 

ability by answering questions online 

Chan [44] 

 

 

 developed 

User response 

 I hope to communicate with others 

online and offline 

 I hope I can get feedback and 

comments from others about my works 

 I think I can have more friends 

through the contact with others 

 Wasko & 

Faraj [45] 

Self-regulatory 

 I think the content online should 

give priority to original 

 I hope the resources generated by 

myself never be inappropriate used by 

others 

 I think we’d better not to copy 

others content 

 Hsu & Lin 

[15] 

Interest and 

curiosity 

 It brings me happy when sharing 

content with others 

 I am curiosity in sharing with 

others 

 Agarwal & 

Karahanna [46] 

Social identity  

 I can get more attention from others 

through generating 

 I can win others' recognition 

through generating 

 I can feel the sense of belonging 

through generating 

 Nahapiet & 

Ghoshal [47] 

Behavioral 

Intention 

 I enjoy sharing knowledge with 

other users 

 I enjoy helping other users by 

sharing resources 

 It feels nice in helping someone 

else by uploading resources 

 Kankanhalli, 

et al. [48] 

User-generated 

behavior 

 I think it is valuable to generate 

content online 

 In the future I will keep high 

participation in contribution 

 I will invite my friends to generate 

together if I have a chance 

 Based on 

Davis [49] 

 

V. RESULT 

The first way introduced to test reliability and validity of 

the measuring questionnaire is confirmatory factor analysis. 

After testing the reliability and validity of measuring 

questionnaire, structural equation modeling with LISREL 

8.51 was applied to give proof to research model. 

A. Reliability and Validity Analyses 

 

TABLE II: RELIABILITY TEST 

Construct Cronbach's α 

Lifelong learning  0.795 

User response 0.789 

Self-regulatory 0.716 

Self-efficacy 0.810 

Interest and curiosity 0.738 

Behavioral Intention 0.728 

User-generated behavior 0.709 

Total 0.936 

 

The factor loadings, the composite and internal reliability, 

and the convergent and construct validity of the 

questionnaires were assessed. This study uses Cronbach's α 

as well as composite reliability (CR) to evaluate the 

consistency of the internal model with the consideration to 

respect to the composite reliability analysis. Cronbach's α 

reaches its threshold if it above .7. If Cronbach's α above .7, 

then the construct has reached internal consistency, see Table 

II . The CR of the sample results was between .702 and .936, 

which is exceed the essential threshold of .7. Cronbach's α 

was also bigger than .7, which suggests that the questionnaire 

demonstrated a certain level of reliability and that each 

construct measurement variable attained internal 

consistency.  

B. Test of the Structural Model 

The structural model was tested by Amos 7.0. The 

model-fit indices for the structural model provided evidence 

of a good model fit. Standardized path coefficients, path 

significances by each path, all supported by the path analysis 

results (showed in Fig. 2). Apart from the test of total model 

fit and the evaluation of intrinsic model quality, when 

explaining the model, it is necessary to understanding the 

correlation between the variables. First, lifelong learning 

(β=0.19, p<0.05), user response (β=0.28, p<0.05), 

self-efficacy (β=0.35, p<0.05), and interest and curiosity 

(β=0.12, p<0.05) had positive direct effects on intention. 

Lifelong learning (β=0.37, p<0.05), intention (β=0.32, 

p<0.05) and interest and curiosity (β=0.14, p<0.05) had 

positive direct effects on user-generated behavior.  
 

 
Figure 2. Path analysis result for samples (n=287, p<0.05). 

 

VI. DISCUSSION AND CONCLUSION 
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The dimension of lifelong learning (β=0.19, p<0.05), user 

response (β=0.28, p<0.05), self-efficacy (β=0.35, p<0.05),

and interest and curiosity (β=0.12, p<0.05) had positive 

direct effects on intention. Self-efficacy such like enjoy 

helping can be seen as intrinsic motivation, which has also 

been proved by Davis [50]. Hong proved that self-efficacy 

has a positive relation to learning satisfaction. Moreover, 

self-efficacy was also proved that has a positive relation to 

user generated behavior. [51] That may be most people we 

observed is teacher, so they may have strong desire to learn 

and share something. It shows that in web environment, users 

participate in the process of creation and sharing content is to 

help others, which will let the creators get great satisfaction 

and a sense of achievement. At the same time, we can pay 

attention to reward especially in the virtual network 

environment, such as user level, virtual currency, etc. As 

Poch and Martin proved that extrinsic economic rewards may 

improve the user’s generated behavior. [52] Moreover, from 

the questionnaire from original users, some users admit that 

they hope the platform can emphasize mechanism about 



  

converting virtual currency for real money according to 

certain rules. In this research most people we investigated 

admit that they want economic benefit while the platform did 

not offer such service. The dimension of interest and 

curiosity has a positive effect on original users’ generated 

behavior. The reason may be that the user can help others and 

cement their own knowledge system in the process of sharing 

knowledge. From the data of questionnaire, the 

undergraduate or above accounted for most of the people 

have a strong tendency in sharing knowledge with others. 

That may be the most people we observed has post degree or 

doctor degree, they have strong desire to help others and 

sharing knowledge. And the platform we choose have strong 

relation with education, however this thought need to be 

proved in the future which we cannot have a conclusion now. 

The dimension of Lifelong learning (β=0.37, p<0.05), 

intention (β=0.32, p<0.05) and interest and curiosity (β=0.14, 

p<0.05) had positive direct effects on user-generated 

behavior. Lifelong learning becomes a more and more 

important role for a person. Learners have the role of 

knowledge disseminator and creator, with education level 

improved the user also gradually realized that learning should 

be a continuous process, so the process of resource 

acquisition and creation has gradually become a habit 

spontaneously. As Yu describes in his paper that thorough 

answering others question, these users can search their 

knowledge. [53] A person learn will want to use their 

knowledge in their job and life, through answering others 

question, maybe they can hang their knowledge and have 

better understanding about what they obtained. But it need to 

point out that the self-regulatory do not have significant 

influence on time devotion. As Lou [54] point that learning is 

crucial motivation factors in knowledge contribution, so 

knowledge level should not become a stumbling block to 

stimulate creative behavior, however in our study we did not 

prove whether the knowledge contribution behavior has 

relation with knowledge level which can be proved in the 

future study.  

Network changes life, as well as study style. Learners' 

learning is no longer confined to formal learning with 

emergence of Internet and informal learning becomes much 

more important. Informal learning cannot occur without the 

help of digital learning resources and multimedia platform 

lays a solid foundation for learners' diverse learning styles 

changing, thus affect the ways people attaining knowledge. 

At present, there exists a large quantity of UGC, through the 

survey we found that the original proportion is not high, the 

user creation enthusiasm is still need to strengthen. 
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